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Abstract
Changes of surface air temperature (SAT) over the Indochina Peninsula (ICP) under the Representative Concentration Pathway
(RCP) 8.5 scenario are projected for wet and dry seasons in the short-term (2020–2049) and long-term (2070–2099) future of the
twenty-first century. A first analysis on projections of the SAT by the state-of-the-art regionally coupled atmosphere-ocean model
ROM, including exchanges of momentum, heat, and water fluxes between the atmosphere (Regional Model) and ocean (Max
Planck Institute Ocean Model) models, shows the following results: (i) In both seasons, the highest SAT occurs over the southern
coastal area while the lowest over the northern mountains. The highest warming magnitudes are located in the northwestern part of
the ICP. The regionally averaged SAT over the ICP increases by 2.61 °C in the wet season from short- to long-term future, which is
slightly faster than that of 2.50 °C in the dry season. (ii) During the short-term future, largest SAT trends occur over the southeast and
northwest ICP in wet and dry seasons, respectively. On regional average, the wet season is characterized by a significant warming
rate of 0.22 °C decade−1, while it is non-significant with 0.11 °C decade−1 for the dry season. For the long-term future, the rapid
warming is strengthened significantly over whole ICP, with trends of 0.51 °C decade−1 and 0.42 °C decade−1 in wet and dry seasons,
respectively. (iii) In the long-term future, more conspicuous warming is noted, especially in the wet season, due to the increased
downward longwave radiation. Higher CO2 concentrations enhancing the greenhouse effect can be attributed to the water vapor–
greenhouse feedback, which, affecting atmospheric humidity and counter radiation, leads to the rising SAT.

1 Introduction
Latest observational records confirmed the warming trends of
the surface air temperature (SAT) in most countries of
Southeast Asia during the past few decades (IPCC 2013).
Correspondingly, the frequency and intensity of high
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temperature extremes have increased over this region
(Manton et al. 2001; Tangang et al. 2007; IPCC 2014; NgoDuc et al. 2017). In addition, the local economy of Southeast
Asia significantly relies on agriculture and forestry, which are
highly vulnerable to climate change. The Indochina Peninsula
(ICP), located between the western Pacific and the Indian
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Ocean, is generally considered a representative monsoon region. With a large coastal population in complex terrains exposed to weather and climate extremes, it is of great importance to investigate the possible impacts of future climate
changes and, especially for the surrounding developing countries, to implement adaptation measures for risk reduction
(Karl and Easterling 1999; Schleussner et al. 2016; Holden
et al. 2018; Ge et al. 2019b). So far, many studies have improved the understanding of the present climate variability of
the ICP (Takahashi and Yasunari 2006; Hsu et al. 2014;
Villafuerte and Matsumoto 2015; Ge et al. 2017; Ge et al.
2019a). However, the information associated with projected
changes of the future climate is still missing for the Indochina
Peninsula region on either CMIP5 ensembles or regional highresolution climate simulations.
Currently, it is necessary to acknowledge the potential risks
of a warming climate over the ICP, especially under the worst
scenario assumption, characterized by the Representative
Concentration Pathway (RCP) 8.5 (IPCC 2018). This scenario
corresponds to the highest CO2 emissions pathway, which is a
so-called baseline scenario that does not include any specific
climate mitigation target (Riahi et al. 2011). The projected
climate changes under the RCP 8.5 scenario do not only provide essential information to manageable climate adaptation
and mitigation strategies for the developing countries in ICP
but also highlight the importance to restrict the global
warming to 1.5 °C guided by the Paris Agreement
(UNFCCC 2015).
It has been generally recognized that global and regional
climate models (GCMs and RCMs) supplement one another as effective tools to investigate climate and climate
change. Additionally, various ecological and societal problems associated with climate change in the context of global warming have been addressed over the past decades
(IPCC 2013). To satisfy the increasing demand of understanding future climate evolution, climate research communities have been accelerating the development of
models (Giorgi et al. 2009; Moss et al. 2010). For instance,
the Coupled Model Intercomparison Project Phase 3
(CMIP3) and Phase 5 (CMIP5) involve more than 20 climate modeling groups, which publicly provide a number of
coordinated climate model experiments towards the future
climate change projections (Meehl et al. 2007; Taylor et al.
2012). However, historically, due to the restriction of the
computational capability, GCMs were limited to climate
investigations with insufficient horizontal resolutions,
which tend to produce large uncertainties and discrepancies in climate simulations and projections. Therefore, the
RCMs with advanced parameterizations and dynamically
downscaled climate information have been increasingly
applied to investigate the regional climates of interest
(Aldrian et al. 2005; Giorgi 2006; Feser et al. 2011; Sein
et al. 2014; Cabos et al. 2017; Ge et al. 2019b).

The regionally coupled atmosphere-ocean model ROM
(Regional Model (REMO)-Ocean Atmosphere Sea Ice Soil
(OASIS)-Max Planck Institute Ocean Model (MPIOM);
Sein et al. 2015) has been developed and applied to study
regional climate and local processes with a fairly high resolution. It divides the global ocean model MPIOM setup into two
subdomains: a limited high-resolution area where the coupling
takes place and the air-sea fluxes are interacting with the regional atmospheric model REMO, and elsewhere, the
MPIOM is driven by prescribed atmospheric forcing with a
relatively coarse resolution. This model setup aims to reduce
the influence of the lateral boundary conditions, which has
been demonstrated as an effective approach in ROM (Sein
et al. 2014). Recent studies show the high-resolution ROM
model has been indicated sufficient in regional climate representations (Gaertner et al. 2018; Zhu et al. 2020b) and widely
applied to investigate the climate change and the mechanisms
(Cabos et al. 2019). In this paper, ROM is employed to analyze how much the ICP region tends to warm in the twentyfirst century under the worst-case high-emission scenario,
thereby quantifying the expected range of temperature response over the ICP and elucidating some of its underlying
mechanisms.
This paper is organized as follows: A brief model description and the methods of analysis are described in Section 2. In
Section 3, we show the basic model validation results.
Afterwards, the projected temperature changes covering the
region from 6° N to 23° N and from 95° E to 110° E under the
RCP 8.5 scenario are analyzed in the same section. Finally, the
conclusions and discussions follow in Section 4.

2 Datasets and methodology
2.1 Model design
The regional coupled atmosphere-ocean-sea-ice model ROM
comprises the atmospheric Regional Model (REMO; Jacob
2001; Jacob et al. 2001), the Max Planck Institute Ocean
Model (MPIOM; Marsland et al. 2003; Jungclaus et al.
2013), and the Hydrological Discharge model (HD;
Hagemann and Dümenil 1997; Hagemann and Gates 2001).
In global configuration, the MPIOM model is run with relatively high horizontal resolution in Southeast Asia, while the
HD model has a constant resolution of 0.5° × 0.5° over the
globe. The atmospheric model REMO domain covers the entire area of Southeast Asia (Fig. 1a) using a rotated grid with
the horizontal resolution of about 50 km (~ 0.5°). The models
are coupled by the Ocean Atmosphere Sea Ice Soil Version 3
(OASIS3) coupler with a 3-h interval (Valcke et al. 2003).
Since the regional climate REMO model only covers a specific domain of the global ocean, the ocean model MPIOM
needs to be run in both coupled and standalone models
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Fig. 1 a Model grid configuration and orography (unit: m). Red rectangle denotes the coupled area (REMO domain). Black lines represent the MPIOM
grid (every 12th grid line is shown). b Model coupling scheme in the coupled area

simultaneously. In the uncoupled domain, MPIOM calculates
heat, freshwater, and momentum fluxes from the global,
predefined atmosphere, while in the coupled area, MPIOM
receives the heat, freshwater, and momentum fluxes from
REMO, and transmits the sea surface conditions to the atmospheric model REMO (Fig. 1b) (for more details on the
coupling, see Sein et al. 2015).
The model spin-up is divided into two phases. Firstly, the
ocean model MPIOM is run in standalone mode starting from
the Polar Science Center Hydrographic Climatology (Steele
et al. 2001) and forced by ERA-40 reanalysis data for a 45year period of 1958–2002. This period is performed cyclically
twice and, therefore, the total spin-up for MPIOM in
standalone mode is 90 years. In the second phase, the spinup for the coupled model is forced for additional 78 years,
including the 45-year period of 1958–2002 with ERA-40 reanalysis data and the 33-year period of 1980–2012 with ERAInterim reanalysis data. After completing the spin-up process,
the historical simulation is started from 1950. Following the
Intergovernmental Panel on Climate Change (IPCC) Fifth
Assessment Report (AR5), the radiative forcing trajectories
under the RCP 8.5 (Moss et al. 2010) are applied for the
atmospheric CO2 concentrations in the scenario run from
2006 to 2099, representing a forcing of 8.5 W m−2 by the
end of twenty-first century.

the CMIP5 framework have been widely used to investigate
both the historical and future climate and to support national
and international assessments regarding climate change on the
globe or some specific regions. The 38 available simulations
under the RCP 8.5 from CMIP5 models (Table 1) are applied
in this study as references of the general capability of ROM to
project the future SAT changes over the ICP.

2.2 Datasets

3 Results

The CMIP5 project (http://cmip-pcmdi.llnl.gov/cmip5/index.
html) is a collaborative framework designed by the World
Climate Research Programme (WCRP) to improve knowledge of climate change, containing a series of oceanatmosphere coupled GCMs. The model simulations under

3.1 Model validations for the future climate

2.3 Trend calculation
Climatological trends are detected for the temperature simulations by using the Mann-Kendall test (Mann 1945;
Kendall 1975) and Sen’s slope estimates (Sen 1968). The
methods have been widely used to quantify trends in
hydro-meteorological time series and climate variability,
which does not require the residuals about the fitted line
to be normally distributed (Yue and Hashino 2003; Tao
et al. 2011; You et al. 2013, 2015; Zhu et al. 2016). The
climatological means and trends are identified for the periods of 2020–2049 (short-term future) and 2050–2099
(long-term future). Generally, the ICP experiences a wet
season from April to September and a dry season from
October to the subsequent March, which are applied as
the seasonal classification in this study.

The 38 CMIP5 simulations under the RCP 8.5 are employed
to evaluate the projected SAT of the ROM model from the
respect of regional average. Variations of the projected annual
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Table 1

Brief information of the used 38 CMIP5 GCMs

GCM

Institution

GCM

Institution

BCC-CSM1-1
BCC-CSM1-1-M
BNU-ESM
CanESM2
CMCC-CM
CMCC-CMS
CNRM-CM5
ACCESS1-0
ACCESS1-3
CSIRO-Mk3-6-0
FIO-ESM
EC-EARTH
INMCM4
IPSL-CM5A-LR
IPSL-CM5A-MR
IPSL-CM5B-LR
FGOALS-g2

BCC
BCC
BNU
CCCma
CMCC
CMCC
CNRM-CERFACS
CSIRO-BOM
CSIRO-BOM
CSIRO-QCCCE
FIO
ICHEC
INM
IPSL
IPSL
IPSL
LASG-IAP

MIROC-ESM-CHEM
HadGEM2-CC
HadGEM2-ES
MPI-ESM-LR
MPI-ESM-MR
MRI-CGCM3
GISS-E2-H
GISS-E2-H-CC
GISS-E2-R
GISS-E2-R-CC
CCSM4
NorESM1-M
HadGEM2-AO
GFDL-CM3
GFDL-ESM2G
GFDL-ESM2M
CESM1-BGC

MIROC
MOHC
MOHC
MPI-M
MPI-M
MRI
NASA-GISS
NASA-GISS
NASA-GISS
NASA-GISS
NCAR
NCC
NIMR-KMA
NOAA-GFDL
NOAA-GFDL
NOAA-GFDL
NSF-DOE-NCAR

MIROC5
MIROC-ESM

MIROC
MIROC

CESM1-CAM5
CESM1-WACCM

NSF-DOE-NCAR
NSF-DOE-NCAR

SAT averaged over the ICP from ROM and from the CMIP5
models are presented for the period of 2006–2099 in Fig. 2.
Generally, the projected SAT of ROM varies within the range
of CMIP5 simulations, which is fairly close to the CMIP5
ensemble means. The ROM projected SAT over the ICP performs similarly as the ensemble mean, with a correlation coefficient and root mean square error of 0.94 and 0.48 °C,
which reveal good agreements between ROM and the
CMIP5 models. Moreover, the ROM and CMIP5 ensemble
mean values are characterized by similar increasing trends of
SAT from 2006 to 2099 with 0.45 °C decade −1 and
0.44 °C decade−1, respectively. Therefore, it is reasonable to
apply ROM in projecting the regional SAT changes over the
ICP, as well as to investigate the possible mechanisms responsible for the changes.

Fig. 2 Plume plot of the projected
annual mean SAT (unit: °C)
averaged over the ICP under RCP
8.5 scenario for the period of
2006–2099, derived from the
ROM model (blue bold line), the
CMIP5 models (gray solid lines),
and the CMIP5 ensemble mean
(red bold line)

3.2 Projections of the surface air temperature over
the ICP
The ROM projections are examined under the RCP 8.5 scenario focusing on different seasons (wet and dry) during different periods (short- and long-term future). The spatial distributions of the projected SATs and the SAT trends are depicted
in Figs. 3 and 4, with the following results being obtained.
Projected spatial distributions of the SAT mean for wet and
dry seasons exhibit similar patterns in the short- and long-term
future, with the highest SAT located in the southern coastal
area and the lowest SAT in the northern mountainous area of
the ICP. The regionally averaged SATs over the ICP are
26.70 °C and 29.31 °C for the wet season in the short- and
long-term future, while 22.35 °C and 24.85 °C for the dry
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Fig. 3 Spatial distributions of the
projected seasonal mean SAT
(unit: °C) over the ICP under the
RCP 8.5 for the short-term future
(a, d) and the long-term future (b,
e), as well as the differences between the short- and long-term
future (c, f). The black dots indicate statistical significance at the
95% confidence level

season, respectively. That is, the averaged SAT increases by
2.61 °C in the wet season from short- to long-term future,
which is slightly faster than 2.50 °C in the dry season. The

Fig. 4 Spatial distributions of the
projected trends of seasonal mean
SAT (unit: °C decade−1) over the
ICP under the RCP 8.5 for the
short-term future (a, d) and the
long-term future (b, e), as well as
the differences between the shortand long-term future (c, f). The
black dots indicate statistical significance at the 90% confidence
level

differences in the projected SAT between the short- and longterm future show similar distributions for wet (Fig. 3c) and dry
(Fig. 3f) seasons. The most conspicuous warming from short-
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to long-term future happens in the northwestern part of ICP in
both seasons.
Projected spatial distributions of the seasonal SAT trends of
short- and long-term future show SAT with positive trends in
both wet and dry seasons under the RCP 8.5. However, the
trend magnitudes differ considerably between the two seasons
and the two periods: from the short- to long-term future
warming intensifies. In the short-term future, the SAT trend
patterns of the two seasons are reversed, with the significantly
largest trends occurring over the southeast ICP in the wet season (Fig. 4a) and over the northwest in the dry season (Fig. 4d).
For the long-term future, the rapid warming is strengthening
significantly (at the 90% significance level) over the whole ICP
for both seasons (Fig. 4b, e). From the short- to long-term
future, most noticeable is the regional SAT seasonal trend increasing in the northwestern part of the ICP in the wet (Fig. 4c)
and in the south ICP in the dry season (Fig. 4f).
Moreover, the wet season during the short-term future is
characterized by a larger SAT trend of 0.22 °C decade−1
(Table 2) compared with the dry season with the warming rate
of 0.11 °C decade−1. During the long-term future, the respective
trends are 0.51 °C decade−1 and 0.42 °C decade−1 for wet and
dry seasons. However, the increasing trend is not statistically
significant in the dry season during the short-term future,
whereas it passes the 90% significance level for the other cases.
It can be concluded that SAT is changing in wet and dry
seasons during short- and long-term future, but it differs in
different seasons for both periods with generally larger trends
in the wet season during the long-term future. The attribution
of variations to the forcing is discussed in the following
subsection.

3.3 The forcing impacts on the SAT variations
To investigate the possible mechanism of the SAT warming
variations over the ICP under the RCP 8.5 scenario, the radiative forcing is analyzed, including aspects of the cloud cover,
the downward longwave radiation, and the atmospheric water
vapor content. The recent global surface temperature

Table 2 Statistical trends of the seasonal surface air temperature (unit:
°C decade−1), cloud cover (unit: fraction decade−1), vertically integrated
specific humidity (unit: kg m−2 decade−1), and downward longwave
Season

Wet
Dry

warming, which is predominantly modulated by the Earth’s
radiation budget, has been attributed to the changing atmospheric composition caused by the anthropogenic activities,
perturbing the radiation balance of the Earth (Fasullo and
Trenberth 2008a, b; Knutti and Hegerl 2008; Trenberth and
Fasullo 2010).
The surface net radiation can be formulated as:
E *0 ¼ E *l;0 þ E *s;0
with the net longwave and net shortwave radiation, E *l;0 ¼ E ↓l;0
−E ↑l;0 and E *s;0 ¼ E↓s;0 −E↑s;0 , where E *l;0 is the terrestrial upward
longwave radiation and E ↓l;0 is the atmospheric downward
longwave radiation directed to the surface and E↑l;0 is the upward longwave radiation from the Earth’s surface; E *s;0 is the
net shortwave radiation at the surface, E↓s;0 is the incoming,
and E ↑s;0 the reflected radiation at the surface.
The cloud cover and radiation variations are closely associated with SAT changes. With respect to warming, clouds act
in three ways, which make their overall effect so complex: (i)
a “mirror” reflecting incident sunlight; (ii) a “blanket (or insulator)” trapping the heat on the planet; and (iii) a “radiator”
releasing heat into space. Whether a cloud acts more like a
“mirror,” “blanket,” or “radiator” depends on which level in
the atmosphere (temperature) they act and on their composition of ice or water, and these three factors may cancel each
other. For instance, the increased (mostly low) cloud cover
would reduce the surface incoming shortwave radiation
cooling the surface. The cooling effect of clouds is partially
offset by cooler (higher) clouds reducing the emission into
space by absorbing the heat emitted from the surface and reradiating part of it, thus acting like a “blanket” and, thereby,
reducing the cooling rate at the surface. On the other hand, the
surface temperature may even be increased by the “blanket”
effect of high-level clouds enhancing downward longwave
radiation and reducing shortwave reflection. Also, the effect
of cloud thickness plays a non-negligible role in a real world
but is not considered here.

radiation (unit: W m−2 decade−1) over the ICP for the short-term future
(STF) and the long-term future (LTF)

Surface air temperature

Cloud cover

Vertically integrated specific humidity

Downward longwave radiation

STF

LTF

STF

LTF

STF

LTF

STF

LTF

0.22*
0.11

0.51**
0.42**

0.48
0.46

− 0.18
0.50

1.03**
0.43

2.17**
1.45**

2.12**
1.49

4.46**
3.67**

*Statistical significance at the 90% confidence level
**Statistical significance at the 95% confidence level
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Fig. 5 Time series of the seasonal
mean SAT, cloud cover,
vertically integrated specific
humidity, and the downward
longwave radiation averaged over
the ICP under the RCP 8.5
scenario for the period of 2020–
2099

The variations of the annual mean SAT, cloud cover, the
downward longwave radiation, and the vertically integrated
specific humidity under the RCP 8.5 scenario during 2020–
2099 are presented in Fig. 5. While downward longwave radiation and specific humidity increase in the RCP 8.5 projection,
resembling the SAT variation, the cloud cover fluctuations remain relatively moderate. For both wet and dry seasons, the
cloud cover variations do not reveal significant changes or large
discrepancies (Table 2), while the downward longwave radiation is significantly correlated (0.97) with SAT. Furthermore,
the water vapor content and the downward longwave radiation
are significantly correlated by 0.97 and 0.77 for wet and dry
seasons. That is, the continuously increasing vertically integrated specific humidity (following the Clausius-Clapeyron relation) leads to a constantly rising atmospheric longwave counter
radiation, which ultimately is responsible for the surface temperature change (Ruckstuhl et al. 2007).
Trends of cloud cover, specific humidity, and downward
longwave radiation during the short- and long-term future are
further determined for wet and dry seasons. The cloud cover
shows non-significant changing rates for both seasons in the
short- and long-term future, while the vertically integrated specific humidity increases in the wet season (1.03 kg m−1 decade−1
and 2.17 kg m−1 decade−1) passing the 95% significance test for
the short- and long-term future, respectively. In the dry season,
the change is non-significant (0.43 kg m−1 decade−1) for the
short-term future but significant (1.45 kg m−1 decade−1) for the
long-term future. The water vapor content of the atmosphere rises
more sharply in the wet season during the long-term future.
Subsequently, the downward longwave radiation is characterized
by similar trend patterns (Table 2).
In summary, these results suggest that cloud cover appears to
have no net effect on the SAT warming over the ICP during

2020–2099, while, independent of the atmospheric CO2 content,
they determine the accuracy/sensitivity of the response. The next
generation of models used for the future IPCC reports may allow
evaluations with more details. The higher CO2 concentrations in
the long-term future under the RCP 8.5 scenario increase the
downward longwave radiation (Fig. 5), which consequently enhances the atmospheric greenhouse effect and further heat up the
near-surface air. The consideration is that the maximum amount
of water vapor that can be dissolved in air increases rapidly with
temperature, especially in the wet season, in accordance with the
Clausius-Clapeyron relation. With respect to the study area of the
ICP, the great temperature sensitivity to fluctuations in longwave
radiation can be attributed to a strong positive feedback from the
increasing water vapor (Hense et al. 1988; Flohn et al. 1992;
Folland et al. 2002), which also has a greenhouse effect
(Rodhe 1990) and in turn results from the heating due to increased concentrations of anthropogenic gases radiatively active
in the longwave spectrum (Stanhill 2011). Due to the effect of the
atmospheric counter radiation, the SAT increases rapidly and
adjusts to a new equilibrium state.

4 Conclusion and discussion
Increasing concerns about climate change have been specifically addressed in the regions and countries surrounding the
Indochina Peninsula (ICP). Given the considerable capability
of the regionally coupled atmosphere-ocean model ROM,
which includes exchanges of momentum, heat, and water
fluxes between the atmosphere (REMO) and ocean
(MPIOM) models, the projected seasonal surface air temperature (SAT) changes over the ICP under the Representative
Concentration Pathway (RCP) 8.5 scenario and the possible
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mechanisms are analyzed for the short-term future (2020–
2049) and the long-term future (2070–2099), with the following results obtained.
(i) Projected SAT distributions exhibit similar patterns for wet
and dry seasons in the short- and long-term future, with the
highest SAT located in the southern coastal area and the
lowest SAT in the northern mountainous area of the ICP.
The regionally averaged SAT over the ICP increases by
2.61 °C in the wet season from short- to long-term future,
which is slightly higher than that of 2.50 °C in the dry
season. Besides, the differences in the projected SAT between the short- and long-term future show similar distributions for the two seasons, with the most conspicuous
warming located in the northwestern part of the ICP.
(ii) During the short-term future, the SAT trends show patterns reversing between the two seasons, with the largest
trends occurring over the southeast and northwest ICP in
wet and dry seasons, respectively. The regionally averaged warming rates are 0.22 °C decade − 1 and
0.11 °C decade−1 in wet and dry seasons, but not statistically significant in the dry season. As for the long-term
future, the rapid warming is strengthened significantly
over the whole ICP in the two seasons, with corresponding trends of 0.51 °C decade−1 and 0.42 °C decade−1, both
passing the 90% significance level. The most noticeable
increasing magnitudes are located over the northwest ICP
in the wet season and over the south ICP in the dry season.
(iii) Cloud cover variations do not exhibit a significant net
influence on the SAT warming over the ICP during
2020–2099. In the long-term future under the RCP 8.5
scenario, higher CO2 concentrations lead to increasing
downward longwave radiation, which enhances the
greenhouse effect of the atmosphere. The intensified
warming could be mainly attributed to the intensified
impact of the atmospheric counter radiation.
Additionally, the water vapor content of the atmosphere
and the counter radiation are interacted by a positive
feedback process, which in turn strengthens the SAT
warming, especially in the wet season.
The regionally coupled model ROM is preliminarily
employed with a fairly fine scale to obtain a general impression
of the future SAT changes over the ICP and the corresponding
underlying forcing controls under the RCP 8.5 scenario, which
can be considered a complementation of previous studies on
regional climate projections. However, although the ROM model reasonably represents many aspects of the regional climate,
some biases persist and leave potential for future improvements.
The cloud cover in ROM is currently simulated using a singlelayer cloud cover without distinguishing low-, mid-, and highlevel clouds. Therefore, the impacts of clouds at different levels
on the regional climate change require further research.

Among the emissions assumed by scientists for the future
climate, the business-as-usual scenario of RCP 8.5 corresponds to the high population growth and energy consumption without climate mitigation strategies and represents a
high-risk future climate that some researchers consider to be
the least realistic in the long term (Hausfather and Peters
2020). However, reports also suggest that the most severe of
the available climate change scenarios, i.e., RCP 8.5, could
still underestimate the impact of emission concentrations
(Christensen et al. 2018). It may not adequately account for
the real warming rates considering the carbon feedback processes (Schaefer et al. 2014; Lenton et al. 2019). In the context
of the strengthening global warming (IPCC 2018; Forster
et al. 2020; Zhu et al. 2020a), such a “worst-case” scenario
of RCP 8.5 is applied to estimate the extreme outcomes and
potential threats of the worst-case emission on the future climate change, although it might happen in an imagined world.
Results of our experiment are in line with those from the stateof-the-art models in the short- and long-term future climate
projections (Shiru et al. 2020; Ullah et al. 2020), which not
only indicates the skillful simulation of regional climate in the
ROM model but also reveals the potential forcing impacts on
the local temperature variation and highlights the importance
of restricting the rising global temperature. In addition, more
factors such as precipitation, humidity, and atmospheric circulation need to be further investigated focusing on some
specific regions under the global warming. The upper limitations of changes in future climate should also be understood in
depth using the next generation of scenarios and models.
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